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ABSTRACT
In recent years, there has been widespread interest in the applications of Artificial Intelligence 
(AI) techniques to the financial sector and in the development of new financial products and 
services. AI methods are widely regarded as the most important methods in the emerging 
market for providing not only cutting-edge financial services, but also an innovative approach to 
business process automation, a solution to the challenges of reducing service costs associated 
with managing low-income and rural customers and a method of identifying and evaluating 
the creditworthiness of those customers. No clear reviews are identified in the areas of AI and 
its contribution to Financial Innovations (FI) research in finance. To address the above gap, the 
present study provides a systematic literature review and bibliometric view of AI and FI research 
in finance. Co-citation, co-occurrence and bibliographic coupling analysis techniques are being 
used to make inferences about the structure of AI and FI research in finance from 1987 to 2022. 
The study used 237 filtered research articles from the Scopus database and processed through 
VOS-Viewer and Biblioshiny through “R” to justify study objectives. Through bibliometric analysis, 
this study unveils influential authors, journals and institutions, emphasizing top-cited research 
articles and unveiling six emerging thematic clusters. The novelty lies in the identification 
of prominent keywords linked to AI and financial innovation research, accompanied by a 
comprehensive analysis of globally and locally cited articles. Employing an analytical approach, 
the study identifies research gaps to contribute to the existing body of knowledge.

Keywords: Artificial Intelligence, Financial Innovation, Bibliometric Analysis, Scopus Database.

INTRODUCTION

The integration of Artificial Intelligence (AI) and financial 
innovation presents an exciting and transformative journey for 
the financial industry. By harnessing the power of AI, financial 
institutions can unlock new opportunities, address challenges 
and drive sustainable growth. There is a significant gap between 
the ideal and actual state of affairs in the financial sector, with 
respect to the use of AI in delivering quality services. AI has 
an impact on all areas where digital processing is becoming 
more commonplace, such as retail, healthcare and education. 
In accordance with the study findings of Njegovanović,[1] 
Modern financial activities would be impossible to carry out 
in the absence of digital technology and algorithms capable of 
processing and analyzing the massive volumes of data generated 

by financial institutions and markets. As a result, financial 
institutions, high-tech and telecommunications firms and the 
auto manufacturing and assembly industries were among the first 
to deploy AI.[2] It indicates that the roles of fintech in modern 
business has emerged.[3]

A report produced by EY (Ernst and Young), A leading company 
which identified use of AI in Indian financial system. This 
report reveals current information and perspectives on how the 
financial sector is ongoing in its utilization of AI technologies 
founds recent transformation in AI-driven operations, which 
are utilized for client interaction, analytics, decision support 
and tracking and recognizing behavior patterns to detect fraud 
and combat money laundering.[4,5] Financial sectors using AI 
include: In-app banking experience,[6,7] smart loans,[6,8] smart 
sales processes,[6] automated trading systems,[1,6] risk evaluation,[9] 
transaction data enrichment,[6,10] algorithmic systems,[1,11] 
portfolio management,[1,6] risk management,[12] personalized 
wealth management,[6] fraud detection and cyber security.[12] The 
studies that were described above can be concluded that there 
have been very little attentions given to AI research in the area of 

Received: 13-09-2023; 
Revised: 06-11-2023; 
Accepted: 03-03-2024.

Correspondence:
Avinash Kumar Shrivastava
Department of Operations Management 
and Quantitative Techniques, 
International Management Institute 
Kolkata, West Bengal, INDIA.
Email: kavinash1987@gmail.com
ORCID: 0000-0001-7794-7129



Journal of Scientometric Research, Vol 13, Issue 1, Jan-Apr, 202472

Jena, et al.: Investigating Potential Areas in AI and FI.

financial innovation. As a result, the authors of this study wish to 
use it to identify research gaps in the areas of artificial intelligence 
research and innovations in the financial sector.

According to a recent survey conducted all over the world, the 
vast majority of business leaders (62%) believe that artificial 
intelligence will become increasingly significant in their industry 
over the next five years. Among these executives, only 9% are 
positive that their company is prepared to fully implement AI. 
Banks and insurers, for example, they are only now beginning to 
grasp the breadth of this technology's potential applications.[13] 
From authors extensive literature review, it is evident that AI 
can supplement human interventions in workplaces in coming 
times.[14] The use of AI in financial innovation is anticipated to 
increasingly give financial firms a competitive edge through 
two main channels: (a) by increasing the efficiency of the firms 
through cost reduction and productivity enhancement, ultimately 
leading to higher profitability (e.g., enhanced decision-making 
processes, automated execution, gains from improvements in risk 
management and regulatory compliance, back-office and other 
process optimization); and (b) by improving the quality of the 
services provided by the firms (e.g. new product offering, high 
customization of products and services). Financial consumers 
can gain from such a competitive edge in two ways: either by 
lowering the price of the products or by improving their quality, 
variety and personalization.[15]

Analysis of worldwide research on Artificial intelligence in 
financial innovation from 1987 to 2022 is the primary objective of 
this study. Using a selection of 237 publications from a sample of 
journals from Scopus database analysis was done. Abad-Segura 
et al.[16] study giving importance to use of the systematic view 
for accumulating knowledge about Artificial intelligence in 
financial innovation in a global environment. The findings 
contributed to this field of study by allowing for the identification 
of the top driving agents, which include top authors, top research 
institutions and top countries, as well as current trending themes 
and future research areas.

Bibliometrics has been frequently used in the existing literature 
to analyze.[17] themes,[18] journals,[19] universities,[20] and 
countries.[21] The most prevalent bibliographic methods are 
citation and co-citation analysis, which highlight intellectual 
differences among citing and cited sources.[22] The current 
study provides a descriptive and network analysis of research in 
artificial intelligence in financial innovations. This data is used in 
our descriptive analysis as well as publications and citations.[23] 
Using a h-index, a g-index and an m-index, prolific sources and 
authors are shown to have a high productivity and influence.[24] 
We conduct keyword analysis to reveal the knowledge structure, 
developing trends and topics prevalent in the research 
domain;[25] however, co-word analysis reveals the Conceptual 
Structure (CS).[26] We use Bibliographic Couplings (BCs) and 
co-occurrences in our network analysis. The modularity class 

and network width studies are used to examine interconnected 
communities, while the PageRank analysis identifies the most 
important ideas in the research subject.[27] A significant chunk 
of our study's mapping analyses is completed with the help of 
Biblioshiny, R and Vosviwer software packages. R and Biblioshiny 
help extract network files, while Vosviwer shows the bibliometric 
networks in a visually appealing way.

This study was based on a systematic review of important 
literature that was connected to AI in Financial Innovation. In 
addition, this study presented a bibliometric view of relevant 
work that was done in the subject domain on a global basis.

Research Objectives
To study the current trend of research in Artificial Intelligence in 
Financial Innovation.

To explore the prominent contributors of AI in Financial 
Innovation research.

To identify the most significant articles in the domain of AI in 
Financial Innovation research.

To identify and present the most prominent research themes in 
the field of AI in Financial Innovation.

The above research objectives can be addressed through the 
following Research Questions (RQs):

RQ1. What is the current trend of research in Artificial Intelligence 
in Financial innovation?

RQ2. Which are the impactful, leading and influential sources 
and authors that contributed most significantly to the literature?

RQ3. Which articles in this research domain are Most Influential 
Articles (MIA)?

RQ4. What are the prominent themes prevailing in this field of 
research?

METHODOLOGY

This study is the product of Systematic Literature Review (SLR) 
and bibliometrics' combined efforts.[28] The contextualized SLR 
method is applied in order to obtain the bibliographic data, which 
is then followed by a variety of bibliometric studies.[29]

Data Extraction Strategy
We conducted an extensive exploration of the subject matter, 
employing a Systematic Literature Review (SLR) approach to 
meticulously examine and evaluate pertinent literature, aligning 
with established seminal works. Data for this study was sourced 
from the prominent database ‘Scopus’. This database was chosen 
due to its comprehensive coverage of significant scientific outputs 
in the business and management domain.[30] This platform 
facilitates the organization and integration of data from diverse 
sources such as articles and book chapters into readily usable 
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bibliometric formats. Initially, we queried the Scopus database 
for titles, abstracts and keywords containing terms related to 
"Artificial Intelligence" OR "Machine Learning" OR "Deep 
Learning" OR "Data Analytics" OR "Data Science" AND "Financial 
Innovation" OR "Financial Engineering" OR "Financial Services". 
This initial search yielded 963 documents with the time span of 
1987 to 2022. Following standard SLR practices, we restricted our 
search to ‘articles’ within specific subject areas such as Business, 
Management and Accounting and Economics, Econometrics and 
Finance, Computer Science, Decision Sciences, Social Sciences 
and Multidisciplinary. This search yielded 337 documents. 
Additionally, we applied an exclusion criterion requiring 
documents of source type from Journal with publication stage 
as Final and Article in press to be written in English, resulting 
in a refined sample of 327 scientific outputs. Finally, metadata 
for the documents in the final sample were extracted, including 
titles, authors' full names, corresponding authors' countries, 
total number of publications, citation counts, academic outlets, 
keywords, as well as institutional affiliations and countries. 
Following established SLR protocols,[31,32] we examined references 
cited by the papers found through the searches to ensure the 
completeness of the dataset.

Methods for Conducting Research

To address the research inquiry, this paper utilizes three 
distinct types of bibliometric analysis techniques, as outlined by 
performance analysis, science mapping and network analysis.[33] 
The performance analysis method is deployed to evaluate the 
contributions of various research factors, such as authors, 
journals and countries, in the exploration of Fintech as a financial 
disruptor. This evaluation is grounded in the quantification of 
relevant publications and citations, unveiling the most cited or 
productive entities in the field.[34] The enumeration of citations 
and publications assists in establishing the significance of the 
research topic, scholar and journal, as indicated by Donthu et 
al.[33]

In recent years, bibliometric analyses have gained prominence as a 
methodological tool for assessing the scholarly landscape of AI in 
Financial Innovation. The foundational works of LAWANI[35] laid 
the groundwork for bibliometric analysis, providing a quantitative 
lens to evaluate the intellectual structure and evolution of research 
in various fields. The application of bibliometric techniques in 
role of AI in Financial Innovation, exemplified by Mhlanga[36] 
offers a structured approach to synthesizing the extensive body of 
knowledge in this rapidly evolving domain.

When performing a qualitative literature review, subjective bias 
is a real possibility. Bibliometrics, however, is one of the most 
accurate methods for eliminating this possibility.[37] A significant 
amount of bibliographic content is synthesized in bibliometric 
studies by using quantitative methods.[38,39]

RESULTS AND DISCUSSION

Tending areas of study and the scientific output

Figure 1 shows the trajectory of artificial intelligence in financial 
innovation research, with findings supporting an upward trend 
in the literature since 2018. Exact figures show that 78% of the 
papers considered in this analysis were published after 2018. 
Such data suggests that the post-2018 economic recovery is the 
primary context for the current round of artificial intelligence in 
financial innovation research theoretical discussions.

Journals with the most impact and influence on the 
field of artificial intelligence in financial innovation 
research

The most prominent journals that have published articles related 
to artificial intelligence in financial innovation research are listed 
in Table 1. Through a systematic literature review of total of 237 
articles, we have identified 10 number of journals are cited by 
the researchers in recent times. The most prominent journals 
according to the number of citations in the field of AI in Financial 
Innovation were ‘Expert Systems with applications’ with the 
highest citations of 367 and Scimago Journal Rank (SJR) 1.873 

Figure 1:  Research Trends in AI and FI Research.
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from Elsevier publication house followed by the next prominent 
journal ‘IEEE Access’ with the total citations of 259 and SJR-0.926 
from the same Elsevier publication house. Apart from these other 
prominent journals ‘Decision support systems’ ranks the third 
most cited journal with the total citations of 258 and SJR-2.076 
also from Elsevier publication house. With respect to citation 
influence and journal impact in the form of h-index, g-index and 
m-index the top journal that influences the impact of artificial 
intelligence in finance research are the Journal of behavioural and 
experimental finance with m-index 1.25, g-index 5 and h-index 5, 
followed by IEEE Access with m-index 1, g-index 12 and h-index 
6 and sustainability Switzerland with m-index 0.8, g-index 7 and 
h-index 4. From the above analysis through its identified factors 
i.e. No. of Publications, Total Citations, SCImago Journal Rank, 
(h,g,m-index), the study concluded that prominent journals with 
high impact factor indicate growth in developmental research[40] in 
the areas of AI in financial research and it also induces for further 
exploratory research interest.[21] This findings of the study slightly 
deviate earlier findings of Giudici et al.[41] The study primarily 
centers on leveraging AI for enhanced risk management but does 
not explicitly delve into the realm of financial innovation. Babina 
et al.[42] study have some kind of mixed opinion that AI holds the 
potential to contribute significantly to organizational growth, 
playing a pivotal role in fostering innovation, particularly in the 
realm of product development and innovations.

The most influencing author on AI in FI and their 
contributions

Table 2 highlights the most significant authors on the basis of 
total citations as well as author citation index. Ray M. Chang 

is the top cited author among the top 10 with a citation score 
of 243 and highly cited in between 2012 to 2022 along with the 
next prominent author Sourabh Singh is the second highest cited 
author having total citations 186 and highly cited in between 
2018-2022. Followed by Kuldeep Randhawa is the third most 
influential author on financial innovation with total citations 175 
and frequently cited from 2013 to 2021, Mu-Yen Chen is the fourth 
prominent author emphasizing on FI technology in this chapter 
with total citations 128 and mostly cited between 2004 to 2022. 
However, author Arno De Caigny found as impactful author with 
the highest h, g and m-index: (2, 2 and 0.50 respectively) followed 
by Sourabh Singh with the next impactful author with h, g and 
m-index: (1, 1 and 0.25 respectively).

Most influential articles on artificial intelligence in 
financial innovation research

Table 3 encompasses the frequently referenced documents within 
the local database. Each entry in the Table 3 includes information 
such as Author, Year of publication, Local Citations, Global 
Citations, LC/GC Ratio (%), Normalized Local Citations and 
Normalized Global Citations. The Normalized Local Citations and 
Normalized Global Citations metrics gauge the relative frequency 
of citations within the local database and across all databases, 
respectively. The LC/GC Ratio represents the percentage of local 
citations in comparison to global citations. The most influential 
article was by Shanmuganathan,[53] entitled "Behavioural Finance 
in an Era of artificial intelligence: Longitudinal case study of 
robo-advisors in investment decisions." with four local citations 
and thirty global citations and the local and global citation ratio 
is 13.33. Followed by next impactful article was by Ashta and 

Journal Name Publisher No. of 
Publications

Total 
Citations

SCImago 
Journal 
Rank

h-index g-index m-index

Expert systems with 
applications

Elsevier 7 367 1.873 6 7 0.462

Ieee access Elsevier 12 259 0.926 6 12 1
Decision support systems Elsevier 2 258 2.076 2 2 0.2
Journal of behavioral and 
experimental finance

Elsevier 5 135 1.242 5 5 1.25

Sustainability (switzerland) MDPI AG 7 102 0.664 4 7 0.8
Business horizons Elsevier Ltd 1 95 2.475 1 1 0.25
Journal of research in 
interactive marketing

Emerald Group 
Publishing Limited

2 85 2.833 2 2 0.333

Technological forecasting 
and social change

Elsevier 2 81 2.644 1 2 0.25

International journal SAGE Publications 
Ltd

1 56 2.324 1 1 0.143

International journal of 
forecasting

Elsevier 1 44 1.972 1 1 0.25

Table 1: Top Influential Journals on AI and FI, Their Impact and Influence.
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Herrmann[54] entitled "Artificial intelligence and fintech: An 
overview of opportunities and risks for banking, investments and 
microfinance." with three local citations and twenty-seven global 
citations with 11.11 local and global citations ratio and the third 
most impactful article was by Zhang et al.[55] entitled "Who do 
you choose? Comparing perceptions of human vs robo-advisor 
in the context of financial services." with three local citations and 
sixteen global citations with 18.75 local and global citations ratio.

Most popular themes and conceptual structure

Table 4 highlights the top 20 most frequently used keywords, 
which provides insight into the most prominent topics covered in 
AI and FI literature. On top of the list with 106 appearances is the 
word "Artificial intelligence," followed by "Machine learning" (79), 
“Innovation” (52) and “Fintech” (41). This trend suggests that the 
majority of current works on AI and FI in the fields of finance and 
innovation take an empirical approach, with researchers focusing 
on the antecedents to research on artificial intelligence in financial 
innovation. More importantly, the thematic development of 
the keywords presented in six-time scales (1987-92, 1993-98, 
1999-2004, 2005-10, 2011-16 and 2017-2022) demonstrates that 
empirical exposition on the factors determining AI and FI has 
sustained scholarly attention since 2016.

Examining the co-occurrence network of the most popular 62 
keywords with a minimum number of 5 occurrences yielded 
the extracted articles' CS, which is shown in Figure 2. There are 
four clusters visible in this network. The first cluster is by far the 
largest at 36% of all of the most popular keywords followed by 
the second cluster is 24% and the third cluster is 21%, while the 
fourth cluster contains 19% of the top 237 keywords respectively.

The conceptual structure of AI and FI research comprises of 4 
clusters (Red, Green, Blue and Yellow). The term "Financial 
service" is present in the first cluster (red color). Other terms 

that form a strong network within the group include "learning 
systems," "deep learning," "fraud detection," "learning assessment," 
and "artificial intelligence (ai)," among others. The terms "artificial 
intelligence" remains central to its respective networks in the 
second cluster (green color) as well as it hold the biggest node 
which indicates it is the most frequent term in the dataset with the 
terms “fintech,” “algorithm,” “blockchain,” “financial technology,” 
“innovation,” “network security,” “cyber security,” and the term 
"machine learning" remains vital to its respective networks in 
the third cluster (blue color) with the terms “financial market,” 
“financial engineering,” “electronic trading,” “decision tree,” 
“logistic regression” and finally the term “big data”, is central to the 
fourth cluster (yellow color) that form a strong network within 
the group including “data mining,” “forecasting,” “decision support 
systems,” “data analytics,” “ deep neural networks” “data science” 
and “predictive analytics” respectively. The co-occurrence analysis 
reveals the potential empirical dimensions that predominate in 
AI and FI research.

The study conducted from 1987 to 2022 on AI in Financial 
Innovation is concentrated in the identification of emerging 
themes such as learning algorithms, deep neural networks and 
natural language processing (red nodes). Similarly, the study in 
this period includes fintech and blockchain perceived as new 
innovation in the field of finance (green nodes); logistic regression 
and electronic trading (blue nodes) defining the upgradation of 
financial activities and decision support system and data analytics 
(yellow nodes) emerging as the new tools for better financial 
services.

Future Scope of Research in Artificial Intelligence 
and Financial Innovation

The field of Artificial Intelligence (AI) and its application in 
financial innovation was already rapidly evolving. Given the pace 

Authors Affiliation h-index Total 
Citations

No. of 
Publications

Chang et al.[43] Singapore Management University, 
Singapore.

1 243 1

Singh et al.[44] Dongguk University, South Korea. 1 186 1
Randhawa et al.[45] University of Malaya, Malaysia. 1 175 1
Chen[46] National Taichung Institute of 

Technology, Taiwan.
1 128 1

I. Lee and Shin[47] Western Illinois University, United 
States.

1 95 1

Gerlein et al.[48] University of Ulster, United Kingdom. 1 90 1
Palmié et al.[49] University of St. Gallen, Switzerland. 1 80 1
Pejić Bach et al.[50] University of Zagreb, Croatia. 1 72 1
De Caigny et al.[51] IÉSEG School of Management, France. 2 59 2
Ducas and Wilner[52] Carleton University, Canada. 1 56 1

Table 2: Top Influential Authors on AI and FI, Their Impact and Influence.
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Title Author Local 
Citations

Global 
Citations

LC/GC 
Ratio (%)

Normalized 
Local 
Citations

Normalized 
Global 
Citations

Year

"Behavioural finance in an 
era of artificial intelligence: 
Longitudinal case study of 
robo-advisors in investment 
decisions."

Shanmuganathan[53] 4 30 13.33 14.00 1.71 2020

"Artificial intelligence and 
fintech: An overview of 
opportunities and risks for 
banking, investments and 
microfinance."

Ashta and 
Herrmann[54]

3 27 11.11 10.88 2.59 2021

"Who do you choose? 
Comparing perceptions 
of human vs robo-advisor 
in the context of financial 
services."

Zhang et al.[55] 3 16 18.75 10.88 1.53 2021

"Digital servitization value 
co-creation framework 
for AI services: a research 
agenda for digital 
transformation in financial 
service ecosystems."

Manser Payne et al.[56] 2 39 5.13 7.25 3.74 2021

"Access to Finance for 
Artificial Intelligence 
Regulation in the Financial 
Services Industry."

J. Lee[57] 2 18 11.11 7.00 1.02 2020

"AI-based chatbot service 
for financial industry."

Okuda and Shoda[58] 2 45 4.44 5.20 1.78 2018

"Artificial Intelligence and 
Financial Services."

Pau[59] 2 12 16.67 1.00 1.00 1991

"Artificial intelligence, 
financial anxiety and 
cashier-less checkouts: a 
Saudi Arabian perspective."

Ghazwani et al.[60] 1 5 20.00 68.00 2.30 2022

"Exploring the paths 
to big data analytics 
implementation success 
in banking and financial 
service: an integrated 
approach."

Hajiheydari et al.[61] 1 5 20.00 3.63 0.48 2021

"Cultural relativity in 
consumers' rates of 
adoption of artificial 
intelligence."

Tubadji et al.[62] 1 8 12.50 3.63 0.77 2021

Table 3: Most Frequently Cited Articles on AI and FI, Their Impact and Influence.
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Themes 1987-92 1993-98 1999-2004 2005-10 2011-16 2017-22 Occurrences
Artificial intelligence 2 0 0 2 3 99 106
Machine learning 0 0 0 0 2 77 79
Innovation 1 0 0 1 3 47 52
Fintech 0 0 0 0 2 39 41
Algorithms 0 1 0 0 2 36 39
Big data 0 0 0 0 3 32 35
Financial innovation 0 0 0 0 2 27 29
Blockchain 0 0 0 0 0 19 19
Deep learning 0 0 0 0 1 18 19
Data mining 0 0 0 0 3 12 15
Financial engineering 0 1 1 0 3 10 15
Neural-networks 0 1 0 0 3 10 14
Internet of things 0 0 0 0 0 11 11
Robo-advisor 0 0 0 0 0 11 11
Decision support systems 0 1 0 1 0 3 5
Algorithmic trading 0 0 0 0 0 4 4
Automation technology 0 0 0 0 0 3 3
Anomaly detection 0 0 0 0 0 3 3
Regtech 0 0 0 0 0 3 3
Fuzzy inference 0 0 0 0 0 2 2
Total 03 04 01 04 027 466 505

Notes: The above table contains the top 20 themes discussed in AI & FI literature. The table also details the evolution of the themes over six distinct time periods 
(1987-92, 1993-98, 1999-2004, 2005-10, 2011-16 and 2017-2022).

Table 4: Most Trending Themes on AI&FI and its Development from 1987 to 2022.

Figure 2:  The conceptual structure of AI and FI research.
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of technological advancements, it's likely that several areas would 
have seen significant progress and could offer exciting future 
research opportunities. After examining the conceptual structure 
of AI in Financial Innovation here are some potential future 
scopes of research in AI and financial innovation:

AI-Driven Personalized Financial Services

AI can be leveraged to offer personalized financial products and 
services tailored to individual customers' needs and preferences. 
Future research may involve developing AI systems that better 
understand customers' financial goals, risk tolerance and behavior, 
leading to more effective personalized recommendations and 
financial planning.

AI in Algorithmic Trading and Investment 
Management

AI has already had a significant impact on algorithmic trading and 
investment strategies. Future research may focus on developing 
advanced AI models that can analyze vast amounts of data in 
real-time, adapt to changing market conditions and improve the 
accuracy of investment decisions.

AI for Fraud Detection and Cybersecurity in Finance

As financial transactions move increasingly to digital platforms, 
the risk of fraud and cyber-attacks also grows. Future research 
might involve enhancing AI-driven fraud detection systems by 
using more sophisticated techniques, such as anomaly detection, 
behavioral biometrics and deep learning algorithms.

AI in Regulatory Technology (FinTech)

With increasing regulatory requirements in the financial sector, 
there's potential for AI-driven FinTech solutions to automate 
compliance processes, monitor transactions for suspicious 
activities and ensure adherence to changing regulations.

AI-Powered Chatbots and Decision Support Systems

The integration of AI-powered chatbots into customer service 
in the financial industry is likely to grow. Future research could 
explore the development of chatbots with improved natural 
language understanding and contextual awareness to provide 
more personalized and efficient customer support.

Natural Language Processing (NLP) for Financial 
Documents

NLP can play a crucial role in analyzing and extracting insights 
from vast amounts of unstructured financial data, such as 
earnings reports, news articles and SEC filings. Future research 
may focus on developing more advanced NLP algorithms for 
financial sentiment analysis and event prediction.

AI-Driven Robo-Advisors

Robo-advisors are digital platforms that provide automated, 
algorithm-driven financial planning and investment services. 
The future scope of research in this area could involve enhancing 
the sophistication of robo-advisors, incorporating more complex 
financial instruments and improving their ability to provide 
personalized investment strategies based on individual goals and 
risk profiles.

AI and Quantum Computing in Finance

As quantum computing technology advances, there could be 
exciting opportunities to apply quantum computing algorithms 
to financial modeling, risk analysis and optimization problems. 
Research in this area could lead to revolutionary advancements 
in financial innovation.

Contribution of the study

After going through systematic approaches of review on the 
impact of AI on financial Innovation provides following 
Contribution of the study.

Data expansion (Big Data)

The explosion of the big data market has had a major impact 
on the Banking industry due to the changing expectations of 
customers. Customers now interact with their banks on a more 
digital level and in addition to the traditional structured data e.g. 
transactional data, organizations nowadays collect large volumes 
of unstructured data such as emails, text and voice messages, 
images and videos via their customer service, social media 
platforms and other mediums of data collection. Leveraging on 
big data, banks are now able to offer more personalized services. 
Banking organizations are using a 360-degree view of the 
customer’s interaction with the brand, including basic personal 
data, transaction history and social media interactions to inform 
their decision-making processes.

Availability of infrastructure (Fast computers, 
hardware, software, Cloud)

The explosion of cloud technology as well as high computational 
resources and infrastructure availability, allows for quick 
processing of large data at lower costs and efficiency in scalability. 
This means organizations are ready to leverage AI now, more 
than ever.

Regulatory requirements

Banks are under a lot of scrutiny from regulators to provide accurate 
reports in a timely manner, to meet their regulatory obligations. 
Regulatory compliance processes require the collection of 
data  from various source systems. AI-driven solutions offer 
a chance to address some  of the challenges in today’s financial 
systems by automating the data collection processes, improving 
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the speed and quality of decisions and enhancing the organization’s 
readiness to meet regulatory compliance obligations. Continued 
development of AI will radically transform the front and 
back-office operations of financial institutions. The AI expansion 
will also require adjustments to longstanding regulations 
and  major changes to the current structure of global financial 
markets. This shift  is an opportunity for compliance teams to 
strategically invest in new technologies in order to enable banks 
to become more future-ready.

Competition

Banks are constantly competing with their peers in the industry 
and more recently with FinTechs, to provide the best  services 
to their clients. Technology has become a differentiator in this 
space  as organizations take advantage of available cutting-edge 
technologies to harvest the vast amount of data they possess. As 
a result, banks are using AI to optimize current service offerings, 
take new offerings to market and provide a  more personalized 
experience for their customers.

Limitations of the Study

One limitation of the study is it’s solely dependence on the 
Scopus database. Researchers can obtain a deeper grasp of the 
topic and fill in any knowledge gaps by broadening the scope of 
their investigation. Despite the limitations, research in Artificial 
Intelligence and Financial Innovation offers tremendous potential 
for transforming the financial industry. AI-driven solutions have 
the capacity to improve efficiency, reduce costs, enhance risk 
management and deliver more personalized financial services. 
By addressing the future scopes mentioned above, researchers 
and industry stakeholders can unlock the full potential of AI in 
finance responsibly.

CONCLUSION

To examine the role of AI in Financial innovation research from 
1987 to 2022, the study scrutinizes 327 papers sourced from 963 
outlets. The findings reveal a surge in attention and publications 
related to AI in Financial innovation, with 78% of the papers 
considered in this analysis were published after 2018 which 
indication that this field is emerging. The top 10 contributors 
to AI in Financial innovation research are identified based on 
their citations, with Ray M. Chang. leading the list, followed by 
Sourabh Singh. and Kuldeep Randhawa. The study designates 
‘Expert Systems with applications’ and the ‘IEEE Access’ as the most 
prominent sources in AI in Financial innovation research, closely 
trailed by the journal ‘Decision support systems’ and ‘Journal of 
behavioral and experimental finance’. Notable articles cited in 
the research of AI in Financial innovation include "Behavioural 
finance in an era of artificial intelligence: Longitudinal case study 
of robo-advisors in investment decisions." Followed by "Artificial 
intelligence and fintech: An overview of opportunities and risks 
for banking, investments and microfinance." and "Who do you 

choose? Comparing perceptions of human vs robo-advisor in the 
context of financial services." The analysis identifies “Financial 
service”, “artificial intelligence”, “machine learning” and “big data 
as the most frequently used terms, shedding light on prevalent 
linkages in AI in Financial innovation studies reflecting the 
growing interest among scholars and professionals in this field. 
To ensure the successful integration of AI, collaboration among 
researchers, financial institutions, policymakers and regulators 
is essential. Open communication and continuous monitoring 
of AI applications will help identify and rectify potential issues 
promptly. Ethical considerations must remain at the forefront 
of AI development, emphasizing fairness, transparency and 
accountability in financial decision-making processes.

As the technology continues to evolve, researchers must remain 
vigilant, anticipating and addressing new challenges that may 
arise. The responsible use of AI in financial innovation can lead 
to a more inclusive, efficient and secure financial ecosystem that 
benefits both financial institutions and their customers.
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